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Abstract 

Introduction: Organizational resilience has become a critical area of study as businesses face an increasingly complex 

and unpredictable environment, we are intrigued by this intriguing phenomenon and are keen to investigate further if 

a company's resilient aspect can be incorporated into a conceptual framework. 

Objectives: This research establishes a foundation for evaluating reliability and validity in an Organizational Resilience 

Framework Model. It aims to pave the way for future empirical studies while shedding light on the methodological 

intricacies of this effort, within the context of an Organizational Resilient Framework Model. 

Methods: The methodology in this research is analyzed using SEM - SEM-structural equations modelling in SmartPLS v 

(3.2.9) software version and analysis of the outer and inner models aspect. The data for the instrument were gathered 

through a questionnaire gathered via several methods including, WhatsApp, SMS, and social media via LinkedIn, and 

professional gatherings, which was distributed to 92 respondents using purposive judgment sampling. For the sample 

size, in this research, we use the path coefficient range of 0,21-0,3 with a significant level of 10%.  

Results: This outer model analysis has high reliability and validity, which suggests a strong relationship between the 

observed variable and the underlying latent construct. the inner modelindicates that the ability of the independent 

variables in the analysis model is 76.2%, and the remaining 23.8% of the influence is explained by other variables 

outside of those discussed in this research, with a predictive relevance value 0.745>0so it can be concluded that the 

organizational resilience variable can predict the model well and with the acceptance of the H1 hypothesis, show that 

there are significance of the relationships between variables and the organization's resilience is conveyed through 

financial feasibility and is strongly connected to all variables in the macro-micro aspect.  

Conclusions: Financial feasibility plays a crucial role in determining the organization's resilience and is closely related 

to other variables in both macro and micro contexts. In summary, the results indicate that the relationships between 

variables in the model are statistically significant, supporting the conclusion that financial feasibility is integral to the 

organization's resilience and is interconnected with other variables at different levels of analysis. 
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1. Introduction 

Maritime logistics, serving as the backbone of global 

economic activity, has experienced significant 

disruptions. The onset of the global COVID-19 

pandemic towards the end of 2019 has had a 

profound impact on worldwide economic operations 

[1], [2]. According to UNCTAD, the shipping industry 

shrank by 3.8% in the first half of 2020. However, 

maritime trade grew by 4.3% [3]. The ability of the 

shipping industry to respond to the crisis caused by 

the outbreak resulted in minimal delays to the logistics 

supply chain. give a largely thorough overview of the 

steps taken in this situation and the efforts made by 

major container shipping companies to respond to 

COVID-19 [4].  

Indonesia, which is a maritime archipelagic country 

with more than +/- 17,000 islands [5], is certainly not 

free from this global impact. The impact of the 

uncertain global situation on Indonesia's shipping lines 

and the maritime industry has been examined and 

summarized by previous research  [6], [7][6], [7], [8]. 

Owing to the inherent characteristics of the industry, 

various factors such as capital level and economies of 

scale within each company can influence how a 

company responds to an uncertain situation. An 

interesting phenomenon showed that 66% of shipping 

line companies in Indonesia are not only resilient to 

the global pandemic but also growth in equity value. 

From this fact, it’s proven that different shipping line 

companies/organization has a different resilient level 
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with 33% being bankrupt and not well prepared when 

facing uncertain conditions [8]. In this case, 

organizational resilience has become a critical area of 

study as businesses face an increasingly complex and 

unpredictable environment, we are intrigued by this 

intriguing phenomenon and are keen to investigate 

further if a company's resilient aspect can be 

incorporated into a conceptual framework.  

 

2. Objectives 

This research sets out to establish a foundation for 

evaluating reliability and validity in the context of an 

Organizational Resilience Framework Model. It aims to 

pave the way for future empirical studies, while also 

shedding light on the methodological intricacies 

involved in this effort, within the context of an 

Organizational Resilient Framework Model, with a 

specific focus on the application of SMART PLS 

Structural Equation Modelling.  

The modelling of Smart PLS for SEM analysis is based 

on the proposed concept of the Organizational 

Resilience framework. The research design was 

structured as a semi-constructive setup and included 

both theoretical research and data collected in the 

field up to the design scale. This approach aims to 

improve current theory and generate various 

behavioral indicators. Next, evaluation of 

psychometric properties such as content validity, 

discriminant ability, confirmatory factor analysis, and 

concurrent/external validation were conducted. 

 

3. Methods 

3.1. Literature review 

The literature review highlights the growing 

importance of organizational adaptability in today's 

dynamic business environment, where the criticality 

and complexity of organizational rigidity have become 

focal points of scholarly inquiry and practical 

consideration. As businesses face rapid technological 

advancements, fluctuating market demands, and 

global uncertainties, the ability to adapt swiftly and 

effectively has become a strategic imperative for 

survival and success. Scholars emphasize the 

multifaceted nature of the challenges organizations 

face, requiring a comprehensive understanding of the 

intricate connections between organizational 

elements and their adaptive responses. To address 

these challenges, researchers are employing advanced 

methodologies such as Partial Least Square (PLS), 

particularly Smart PLS, which offers a paradigm shift in 

approaching measurement model assessment. Smart 

PLS's flexibility allows researchers to navigate complex 

abstract frameworks, accommodating both reflective 

and formative measurement models. By embracing 

this methodology, researchers enhance the credibility 

of their findings and contribute to the advancement of 

knowledge in organizational research. Additionally, 

the adoption of comprehensive measurement 

frameworks and latent variable modelling enables 

businesses to gain deeper insights into their 

capabilities and vulnerabilities, ultimately enhancing 

their ability to thrive in an uncertain environment. 

3.1.1 The critical and complexity of organization 

adaptability 

In contemporary business geography, the criticality 

and complexity of organizational rigidity have surfaced 

as focal points of scholarly inquiry and practical 

consideration. Organizational rigidity is no longer 

simply a desirable particularity; it has become a critical 

determinant of an association's survival and success 

[9]. The grim pace of change and the unpredictability 

of external factors have amplified the significance of 

an association's capability to acclimatize fleetly and 

effectively. As businesses grapple with technological 

advancements, request oscillations, and global 

misgivings, the capacity to acclimatize becomes a 

strategic imperative.  

The complexity essential in organizational rigidity lies 

in the multifaceted nature of the challenges 

associations face[10]. These challenges extend beyond 

bare functional adaptations and frequently bear a 

reevaluation of organizational structures, strategies, 

and societies. The interplay of internal and external 

factors further adds layers of complexity, demanding a 

nuanced understanding of the intricate connections 

between organizational rudiments and their adaptive 

responses. Scholars and interpreters likewise are 

increasingly fetching the need for a comprehensive 

understanding of the critical and complex nature of 

organizational rigidity [11]. The capability to anticipate 

change, proactively acclimate strategies, and foster a 

culture that embraces invention are crucial rudiments 

in navigating the complications of the ultramodern 

business geography. The impacts of failing to 

acclimatize are severe, ranging from lowered 

competitiveness to outright organizational fustiness. 

To claw into the critical and complex angles of 

organizational rigidity, experimenters are employing 

advanced methodologies and theoretical fabrics[12], 

[13]. The disquisition extends beyond face-position 

analyses, seeking to uncover the underpinning 

mechanisms that drive or hamper rigidity. generalities 

similar to organizational adaptability, literacy capacity, 

and strategic dexterity are integrated into the 
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converse, reflecting the depth of understanding 

needed to address the multifaceted challenges 

associations encounter.  

Organizational adaptability has become a critical area 

of study as businesses face increasingly complex and 

changeable terrain. In the pursuit of understanding 

and enhancing organizational adaptability, the 

operation of advanced statistical styles becomes 

imperative[14], [15], [16]. Organizational resilience is a 

multidimensional construct, and various frameworks 

have been proposed to capture its essence. Other 

researchers [17][18]have laid foundational work in 

conceptualizing organizational resilience, emphasizing 

the importance of adaptive capacity, learning, and 

robust systems. The assessment of organizational 

resilience requires robust measurement models. 

Scholars have employed various tools to gauge 

resilience, ranging from traditional survey instruments 

to more advanced structural equation modelling one 

of them [19] emphasized the importance of 

comprehensive measurement frameworks, while 

other research [20][21]explored the use of latent 

variable modelling. Overall, the adoption of 

comprehensive measurement frameworks and latent 

variable modelling in studying organizational 

adaptability and resilience enables businesses to gain 

deeper insights into their capabilities and 

vulnerabilities. By identifying areas for improvement 

and implementing targeted interventions, 

organizations can enhance their ability to thrive in a 

rapidly changing and uncertain environment. 

3.1.2 The Imperative of Rigorous Measurement 

The work of [22] attempts to delve into the 

explanation behind employing Partial Least Square 

(PLS)- specifically, Smart PLS- as an important 

instrument for testing the validity and reliability of 

abstract fabrics. An abstract frame serves as the 

backbone of any empirical study, furnishing a 

theoretical altar upon which suppositions are 

constructed [23].However, the effectiveness of this 

support structure depends on the strength of its 

measures and the crucial considerations of validity and 

reliability[24]. While traditional statistical styles have 

been necessary in history, Smart PLS emerges as a 

lamp of invention. Smart PLS isn't simply a statistical 

tool; it's a paradigm shift in the way we approach 

dimension model assessment[25]. The essential 

inflexibility of Smart PLS allows experimenters to 

navigate complex abstract fabrics with ease. Unlike its 

forerunners, it thrives in situations characterized by 

small sample sizes, non-normal distributions, and idle 

variables with reflective and constructive pointers. 

This rigidity makes Smart PLS a potent supporter in the 

hunt for valid and dependable measures[26].  

One of the distinctive features of Smart PLS lies in its 

capability to handle both reflective and constructive 

dimension models. Reflective pointers assume that 

the measured variables directly beget the idle 

construct, while constructive pointers suggest that the 

idle construct is formed by the variables[27], [28]. 

Smart PLS, through its advanced algorithms, 

accommodates the nuances of both, enabling a more 

accurate representation of the abstract frame. The 

Smart PLS methodology incorporates Monte Carlo 

simulations, allowing experimenters to conduct virtual 

trials to estimate the performance of their models 

under varying conditions, this robustness 

enhancement not only strengthens the findings but 

also offers valuable insights into the model's stability 

and reliability across diverse case [29], [30]. By 

embracing this methodology, experimenters elevate 

the credibility of their findings and contribute to the 

advancement of knowledge in their separate fields. As 

the scholarly community continues to evolve, the 

application of Smart PLS becomes not just a choice but 

a strategic imperative for those committed to 

unraveling the complications of abstract fabrics. 

Structural Equation Modelling (SEM), and specifically, 

Smart PLS, has gained prominence in organizational 

research due to its flexibility and adaptability to 

different research contexts. Some research results 

provided an in-depth guide on employing Smart 

PLS[31], while other researchers explored its 

advantages in the context of predicting endogenous 

constructs[32] and construct validity [33]to assess the 

reliability and validity of measurements.  

3.2. Methodology 

The methodology in this research is analyzed using 

SEM - Structural equations modelling in SmartPLS v 

(3.2.9) software version, with consists of : 

1. Research Design: The modelling in the Smart 

PLS for SEM analysis is based on the proposed 

conceptual resilience framework. The research design 

was structured as a semi-constructive setup, involving 

both theoretical studies and data collected from the 

field to design scales [34]. The purpose of this 

approach is to enhance current theories and generate 

various behavioral indicators[35]. Subsequently, 

evaluations were carried out on psychometric 

properties such as content validity, discrimination 

ability, and confirmatory factor analysis along with 

concurrent/external validation. 
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2. Research Hypothesis:  

a. H0: There was no significant connection to all 

variables in the macro-micro aspect  that related to 

the organization’s resilience conveyed through 

financial feasibility. 

b. H1: There is a significant connection to all 

variables in the macro-micro aspect that related to the 

organization’s resilience conveyed through financial  

     feasibility. 

 

3. Research Participant: To gather data from a 

specific target group professional, this research 

utilized purposive sampling with an emphasis on 

judgment sampling[36], [37]as a specific method 

within purposive sampling, involves the researcher's 

judgment in selecting participants based on their 

suitability for providing valuable insights or 

information to use their expertise or understanding of 

the target group to identify individuals who are likely 

to contribute meaningfully to the study. For the 

sample size, in this research decided by calculation 

table [38], [39], we use path coefficient range at 0,21-

0,3 with significant level at 10%, the result is minimum 

69 respondent. 

 

4. Instrument: The instrument is developed to 

explore and investigate the author’s hypothesis that 

financial feasibility is a derivative of strategic analysis 

at the macro PESTEL to micro ICOR framework. We 

collected data using Google Forms 

(https://forms.gle/bzZjcZXUL3fgWfTw6) and 

distributed via several methods including, WhatsApp, 

SMS,and social media via LinkedIn, and professional 

gatherings. The indicator clusters analyzedas shown in 

figure 1 include;Tax rate (X1), Interest rate (X2), 

Inflation rate (X3), attribution of investment/Capex 

(X4), attribution of operational/Opex (X5), account 

receiveable rate (X6), financial feasibility (Z1), equity 

growth (Z2), growth market share (Z3), organization 

resilience (Y). 

 

 
Figure 1. The organization resilience construct model 

 

5. Outer Model Analysis (Construct Reliability & 

validity): The relationships between latent variables 

and their observed indicators, or manifest variables, 

are the focus of this section of SEM. It entails 

describing the degree to which the latent constructs 

are adequately represented by the observed variables. 

Factor loadings, measurement errors, factor variances, 

and factor covariances are all included in the 

measurement model [40][41]with the requirement: 

 

Table 1. Outer Model Analysis Requirement 

Test Type 
Item to 
check 

Standard to 
Pass 

Conver
gent 

Validit
y Test 

FLV Test 
(Factor 
loading 
Value) 

Each 
indicat

or 

Valid if each 
Indicator > 0.6 

AVE Test 
(Average 
Variance 
Extracted

) 

Each 
Variabl

e 

Valid if each 
Variable > 0.5 

Discri
minant 
Validit
y Test 

Cross Loading 

Greater 
Loading on 
Intended 

Factor > 0.2 

Fornell - Larcker 

The construct’s 
variance 

(captured by 
the AVE) 

should be 
higher than its 

shared 
variance with 

other 
constructs. 

HTMT Value < 0.9 

Reliabi
lity 

Test 

Composit
e 

Reliabilit
y Value 

Each 
Variabl

e 

Reliable if the 
Composite 
Reliability 
value > 0.7 

Cronbach
’s Alpha 

Value 

Each 
Variabl

e 

Reliable if the 
Cronbach’s 

Alpha value > 
0.7 

 

6. Inner Model Structural: The relationships 

between the latent variables themselves are the main 

focus of the structural model, also known as the inner 

model. It outlines the latent variables' regression or 

causal pathways. Stated differently, it stands for the 

theoretical framework and theories regarding the 

connections among the latent constructs [40][41]with 

the requirement: 

 

 

https://forms.gle/bzZjcZXUL3fgWfTw6
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Table 2. Inner Model Analysis Requirement 

 

Test Type 
Standard 

Value 
Interpretation 

R² 
(R- 

Square) 

R²  ≤ 0.25 
(25%) 

The model has a 
weak connection 

R²  0.26 – 
0.74 (26% - 

74%) 

The model has a 
moderate relation / 
medium connection 

R² ≥ 0.75 
(75%) 

The model has a 
strong connection 

Q² 
(Predictive 
Relevance) 

Q² < 0 
The model cannot be 
well predicted by the 
variables and data. 

Q² > 0 

The variables and 
data have good 
model prediction 
ability. 

Path 
Coefficient 
( For 10% 
P Value) 

If the 
significant 
Value (P 
Value)  ≤ 

0.1 ( 10%) 

The influence 
between variables is 
significant 

If the 
significant 
Value (P 
Value)  > 

0.1 ( 10%) 

The influence 
between variables is 
NOT significant 

 

4. Results 

The results from Smart PLS analysis provide a 

comprehensive understanding of the research 

outcomes derived from the structural and 

measurement model evaluations. Through Smart PLS, 

researchers obtain valuable insights into the 

relationships between latent constructs and their 

observed indicators, shedding light on the underlying 

mechanisms driving the phenomenon under 

investigation. The analysis yields crucial information 

on the strength and significance of structural paths, 

elucidating the direct and indirect effects among 

variables within the theoretical framework. 

Additionally, the assessment of model fit indices, such 

as the goodness-of-fit measures, confirms the 

adequacy of the proposed model in explaining the 

observed data. Furthermore, the evaluation of the 

measurement model's validity and reliability enhances 

confidence in the research instrument, ensuring that 

the measured variables effectively represent the 

intended constructs. Overall, the findings and results 

derived from Smart PLS analysis contribute to 

advancing knowledge in the research domain by 

providing empirical support for theoretical 

propositions and offering insights into practical 

implications for decision-makers and stakeholders. 

4.1 Research Participant 

From the results of 18 months of data collection, we 

obtained a total of 92 data from professional 

respondents from various industries,From the initial 

dataset of 92 entries, we conducted data cleaning to 

address biases and outliers. Subsequently, using the 

refined dataset comprising 73 respondents, we 

designed the questionnaire to solicit insights from 

each participant on all variables and indicators within 

the resilience framework. To get the expected number 

and quality data from the designated respondent who 

has work-related experience in corporate strategy, 

business development, and financial analysis.We took 

advantage of technological advances by using Google 

Forms (https://forms.gle/bzZjcZXUL3fgWfTw6)  which 

were distributed via several methods including, 

WhatsApp, SMS,and social media via LinkedIn, and 

professional gatherings. 

 

Table 3. Demographic table of respondent 

Demografic Categories Frequency % 

Gender Male 85 92%  
Female 7 8%     

Work 
Position 

Supervisor 
5 5% 

 
Middle 
management 

68 74% 
 

Top Level 
Management 

19 21% 
    

Age 26 - 35 Yr 26 28%  
36 - 45 Yr 43 47%  
46 - 55 Yr 19 21%  
>56 Yr 4 4%     

Industry Manufacturing 36 39%  
Consultant 24 26%  
Others 15 16%  
Logistics & Supply 
Chain 

13 14% 
 

Researcher 4 4%     

Average Working Experience 
Related to Corporate strategy, 

business development, and 
Financial analysis. 

22,8 Yr  

 

4.2 Outer Model Analysis 

This analysis focuses on assessing the relationships 

between latent constructs and their corresponding 

observed indicators, ensuring that the measurement 

model accurately captures the underlying theoretical 

constructs. Through Smart PLS, the reliability of 

individual indicators and the convergent validity of 

constructs are evaluated, assuring that the measured 

https://forms.gle/bzZjcZXUL3fgWfTw6
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variables effectively represent the intended 

constructs. Furthermore, the analysis examines 

discriminant validity to ascertain that distinct 

constructs are adequately differentiated from one 

another. By employing advanced statistical 

techniques, such as factor loadings, composite 

reliability, and average variance extracted (AVE), 

Smart PLS facilitates a comprehensive assessment of 

the measurement model's robustness and 

effectiveness. Overall, the outer model analysis in 

Smart PLS serves as a critical step in ensuring the 

validity and reliability of the research instrument, 

thereby enhancing the credibility and trustworthiness 

of the study's findings, which consist : 

Construct Reliability and Validity: The analysis 

conducted using the Smart PLS v (3.2.9) software 

version yielded several key findings, which are 

essential for assessing the validity and reliability of the 

measurement model. The FLV test indicates that all 

factor loading values are valid and exceed the 

threshold of > 0.6, this suggests a strong relationship 

between the observed variable and the underlying 

latent construct. And indicates that the observed 

variables adequately represent their respective 

constructs in the model. The AVE test indicates that 

the AVE values for all constructs are valid and exceed 

the threshold of > 0.5, this suggests that the 

underlying construct explains more than 50% of the 

variance in the observed variables. And provides 

evidence that the observed variables are adequately 

representing the constructs, demonstrating 

convergent validity.  

 
Figure 2. The result of smart pls analysis on construct 

reliability and validity. 

 

Fornell-Larcker Criterion: This test compares the 

square root of the Average Variance Extracted (AVE) 

for each construct to the correlations between that 

construct and all other constructs in the model. The 

AVE represents the amount of variance captured by 

the construct's indicators relative to the measurement 

error. In the Fornell-Larcker test, discriminant validity 

is achieved if the AVE of each construct is greater than 

the squared correlation between that construct and 

any other construct in the model. So, if the AVE for a 

construct is higher than its correlations with other 

constructs, it indicates that the construct is more 

strongly associated with its indicators than with 

indicators of other constructs. Passing this test 

suggests that each construct is distinct from the others 

in the model. 

 
Figure 3. The result of smart pls analysis on 

discriminant validity fornell - larcker criterion. 

Cross-Loading Test: In this test, the loading values of 

indicators (items) on their respective constructs are 

compared to their loading values on other constructs. 

Ideally, each indicator should have a higher loading on 

its construct than on any other construct. Passing this 

test means that each indicator predominantly 

measures the construct it's supposed to measure and 

doesn't significantly load on other constructs. 

Heterotrait-Monotrait (HTMT) Ratio of Correlations 

Test: This test result shows that all HTMT values are 

less than 0,9 (<0,9). This indicates that the constructs 

are more correlated with their indicators than with 

indicators of other constructs. 

 
Figure 4. The result of smart pls analysis on 

discriminant validity HTMT. 

 

4.3 Inner Model Analysis 

Through this analysis, the structural relationships and 

path coefficients among constructs are assessed to 

understand the underlying mechanisms driving the 

phenomenon under investigation. Smart PLS facilitates 

this analysis by employing advanced algorithms to 

estimate the strength and significance of these 

relationships, providing valuable insights into the 

hypothesized model. Additionally, the assessment of 

model fit indices and the examination of collinearity 

among constructs contribute to the validation and 

refinement of the research model. Overall, the inner 
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model analysis in Smart PLS serves as a crucial step in 

understanding the complex interplay between 

variables and elucidating the theoretical foundations 

of the research inquiry, which consist: 

The R-Square test result, which measures the 

coefficient of determination, is a crucial metric in 

assessing the goodness-of-fit of a regression model. In 

this context, a result of 0.762 indicates that the ability 

of the independent variables in the analysis model to 

explain the organizational resilience variable is 76.2%, 

meaning that the remaining 23.8% of the influence is 

explained by other variables outside those discussed 

in this research. 

 

 
Figure 5. The result of smart pls analysis on R Square. 

 

The predictive relevance(Q²)  value result for 

organizational resilience is 0.745, market share 0,303, 

equity growth 0,046, and financial feasibility 0,582 as 

we can see that all the resultsare>0 or above 0, so it 

can be concluded that the organizational resilience 

variablecan predict the model well. 

 
Figure 6. The result of smart pls analysis on predictive 

relevant. 

 

The path coefficientin this research is conducted with 

a significance level (α) set at 0.1 (10%) with one tail. 

The significance level (α) indicates the threshold at 

which the p-values are considered significant. In this 

case, the researchers have chosen a relatively relaxed 

significance level of 0.1 (10%), which means they are 

willing to accept a higher probability of Type I error 

(false positives) in exchange for potentially detecting 

weaker relationships. The p-values obtained from the 

analysis are compared against the significance level 

(α). In this case, the p-values are reported to be ≤ 0.1 

(10%), indicating that they are less than or equal to 

the chosen significance level. When a p-value is less 

than or equal to the significance level, it suggests that 

the observed relationship between variables is 

statistically significant. In other words, there is 

evidence to reject the null hypothesis (H0) in favor of 

the alternative hypothesis (H1). 

 
Figure 7. The result of smart pls analysis on path 

coefficients. 

 

5. Discussion 

Based on the analysis result conducted using the 

Smart PLS v (3.2.9) software, several key findings were 

obtained; Firstly, the analysis of the outer model 

shows that this model has high reliability and validity, 

which suggests a strong relationship between the 

observed variable and the underlying latent construct. 

And indicates that the observed variables adequately 

represent their respective constructs in the model, 

and provides evidence that the observed variables are 

adequately representing the constructs, 

demonstrating convergent validity; Secondly, the inner 

model analysis informed that (R²) result of 0.762 

indicates that the ability of the independent variables 

in the analysis model to explain the organizational 

resilience variable is 76.2%, meaning that the 

remaining 23.8% of the influence is explained by other 

variables outside of those discussed in this research, 

and the predictive relevance  (Q²)  value result for 

organizational resilience of 0.745, market share 0.303, 

equity growth 0.046, financial feasibility 0.582 is above 

0, so it can be concluded that the organizational 

resilience variable can predict the model well; Thirdly, 

based on the acceptance of the H1 hypothesis, we 

further interpret the significance of the relationships 

between variables by stating that the organization's 

resilience is conveyed through financial feasibility and 

is strongly connected to all variables in the macro-

micro aspect. This suggests that financial feasibility 

plays a crucial role in determining the organization's 

resilience and is closely related to other variables in 

both macro and micro contexts. In summary, the 
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results indicate that the relationships between 

variables in the model are statistically significant, 

supporting the conclusion that financial feasibility is 

integral to the organization's resilience and is 

interconnected with other variables at different levels 

of analysis. 
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